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INTRODUCTION
Coronaviruses (CoVs) belong to a taxonomic group of viruses that cause respiratory infections and 
can affect humans and other animals.1 Severe acute respiratory syndrome coronavirus 2 (SARS-
CoV-2) is a virus belonging to the Coronaviridae family, characterized by the shape of a crown, with 
a particle size between 60 nm and 140 nm. It is composed mainly of internal genetic ribonucleic 
acid (RNA) material, external proteins and a lipid bilayer. As in other viruses, SARS-CoV-2 contains 
nucleocapsid (N) proteins that are responsible for camouflaging the RNA, the genetic material of the 
virus, which is replicated in infected cells, thereby increasing the level of infection.2,3

The preventive measures usually publicized by public health authorities and the media 
encompass the following personal recommendations: avoid crowding, keep one’s distance from 
other people, stay at home, only go to commercial establishments in cases of extreme need, adopt 
social isolation, use masks and gloves and adopt use of delivery service; and traffic between cities 
should be blocked.2 Such measures aim to control transmission, involving individual and collec-
tive hygiene and physical distance actions.4

The Respiratory Syndromes Surveillance System was created by the Brazilian Ministry of 
Health in 2000 to monitor influenza in this country. With the emergence of the new coronavirus 
pandemic, it became incorporated into the surveillance network for influenza and other respira-
tory viruses.5 Data from June 24, 2021, revealed that there had been 18,243,483 confirmed cases 
of coronavirus 2019 (COVID-19) in Brazil, among which 16,511,701 individuals had recovered. 
There had been 509,141 deaths, corresponding to a mortality rate of 242.3 per 100,000 inhabi-
tants of Brazil; death had occurred in 2.8% of the cases. In the state of Acre, there had been 85,128 
cases (incidence of 9,652.4 per 100,000 inhabitants) and 1,735 deaths, with a mortality rate of 
196.7 per 100,000 inhabitants of this state.6
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ABSTRACT
BACKGROUND: The Respiratory Syndromes Surveillance System was created by the Brazilian Ministry of 
Health in 2000 to monitor influenza in this country. With the emergence of the new coronavirus pandemic, 
it became incorporated into the surveillance network for influenza and other respiratory viruses. 
OBJECTIVE: To analyze the transmission of coronavirus disease 2019 (COVID-19) and severe acute respira-
tory syndrome (SARS) in the state of Acre through its hierarchical urban network. 
DESIGN AND SETTING: Cross-sectional, descriptive and ecological study, using a spatiotemporal ap-
proach and using secondary data. This study was conducted in the state of Acre, northern Brazil.
METHODS: This study used secondary data, and epidemiological weeks and municipalities were taken to 
be the units of analysis. Incidence rates and kernel intensities were calculated for four study periods. Spa-
tiotemporal analysis was performed using scan statistics to identify clusters of SARS cases and considering 
the population of each municipality. 
RESULTS: In general, it could be observed that there were higher kernel rates and intensities in municipal-
ities located in the north and south of this state (i.e. its most populous municipalities). 
CONCLUSION: Priority areas for interventions to control transmission of COVID-19 were highlighted, with 
the aim of reducing the risks of transmission to more distant areas in the urban hierarchy of the state of Acre.
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OBJECTIVE
In this context, the aim of this study was to analyze the transmis-
sion of COVID-19 and severe acute respiratory syndrome (SARS) 
in the state of Acre, in the west of the Amazon region, according to 
the hierarchical urban network of its municipalities, given the sig-
nificant increase in deaths from COVID-19. It was hypothesized 
that the geographical accessibility of the municipalities would be a 
factor in its transmission, since shorter distance from the state cap-
ital would tend to contribute to greater transmission.

METHODS
This was a retrospective, descriptive and ecological study, 
using a spatiotemporal approach and using secondary data. 
Epidemiological weeks and municipalities were taken to be the 
units of analysis. This study was conducted in the state of Acre, 
northern Brazil, which had a projected population for the year 
2021 of 906,876 inhabitants.7 Acre has 22 municipalities and the 
state capital is the municipality of Rio Branco (Figure 1).

The records of weekly cases of SARS for the period from January 
8, 2020, to April 19, 2021, are freely accessible and were collected on 
April 23, 2021, from the Ministry of Health’s Respiratory Syndromes 
Surveillance System, which includes COVID-19 data.5 For the pres-
ent study, the SARS case registry was used as a proxy (representa-
tive) of COVID-19 incidence, which had been justified through 
other studies using SARS data during the pandemic period.8,9,10 
Furthermore, with the pandemic, the reinforcement of the SARS 
surveillance system represented an important step forward for pub-
lic health, in the light of the epidemiology of respiratory agents.11

The Brazilian Institute for Geography and Statistics (Instituto 
Brasileiro de Geografia e Estatística, IBGE) was used as a source 
for data referring to the regions of influence (Regiões de Influência 
das Cidades, REGIC)12,13 and accessibility of the municipalities of 
Acre.14 The municipalities of this state are classified into three hier-
archical levels: regional capital (Rio Branco), subregional centers 
(Brasiléia, Cruzeiro do Sul and Epitaciolândia) and local centers 
(other municipalities). In this hierarchical system, regional capi-
tals are urban centers with a high concentration of management 
activities, but with a smaller reach of influence over the region 
than metropolises. Subregional centers are municipalities with less 
complex management activities, with a smaller extent of areas of 
influence than regional capitals (and the same is true for popula-
tion size). At the last hierarchical level, local centers exert influence 
only within their territorial limits; they are able to attract residents 
from other cities in specific contexts, but are not the main desti-
nation from any other city. They have weak centrality of business 
and public management activities, and usually have links to other 
urban centers that are hierarchically higher with regard to purchas-
ing/service activities and in relation to accessing public adminis-
tration activities and business dynamics12 (Figure 2).

Estimated population data (2020) were obtained from the Ministry 
of Health.15 Digital grids for the municipalities and their respective 
main urban areas in the state of Acre were obtained from the IBGE.16

SARS data were filtered in terms of residents of the state 
of Acre and were then organized according to the municipalities of 
the state. Incidence rates and kernel intensities were calculated for 
four study periods, organized as the following ranges of reporting 
weeks: weeks 3 to 18, weeks 19 to 35 and weeks 36 to 53 of the year 
2020, and weeks 1 to 12 of the year 2021.

The incidence rate was calculated by dividing the number of 
cases of SARS per period by the estimated population for each 
municipality, multiplied by 100,000. Kernel intensities are sta-
tistically calculated from incidence rate data and thus were also 
obtained by dividing the number of cases per period by the esti-
mated population for each municipality, multiplied by 100,000. 
Nine intensity and adaptive radius strata were used. 

Spatiotemporal analysis was performed using scan statistics 
to identify clusters of SARS cases and considering the population 
of each municipality. A Kulldorff statistical cylindrical scan was 

Figure 1. Location and hierarchy of municipalities in the state of Acre, 
Brazilian Amazon region. 
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used, with a discrete Poisson probability distribution, to identify 
high-risk clusters by comparing the number of cases observed with 
the number of cases expected. The SaTScan software, version 9.6 
(Kulldorff Information Management Services Inc., New York City, 
United States), was used for this.

Additionally, the relative risk (RR) was calculated for each clus-
ter, based on the underlying population. The clusters were placed 
in order according to their log-likelihood ratio (LLR), such that 
the cluster with the highest LLR was the one that was least likely 
to have occurred by chance. The significant clusters (P-value < 
0.05) had no geographical overlap and included a maximum of 
50% of the city’s population.17 A circular radius of one kilometer 
was used, without geographical overlap.

From the municipal digital grid of Acre, a map of the incidence 
rates of SARS was made, along with a map of spatiotemporal clus-
ters of SARS data and a map of accessibility and urban hierarchy, 
using the QGis software, version 2.18.20.18

Submission to and approval by an ethics committee was not 
necessary, given that the present study analyzed ecological data, 

without identifying the registered cases. These are open-access and 
freely available public secondary data.

RESULTS
From the analysis on the SARS rates, it could be observed 
that, in general, there were higher values ​​in the municipali-
ties located in the northern and southern parts of the state, 
especially in Cruzeiro do Sul, Rio Branco and Plácido de 
Castro. With lower values, the municipalities of Acrelândia, 
Bujari, Capixaba, Mâncio Lima, Rodrigues Alves and Senador 
Guiomard were highlighted. In the first study period, the 
highest rates of SARS were observed in Rio Branco (59.75), 
Plácido de Castro (35.08) and Porto Acre (31.87). In the sec-
ond study period, the highest rates were observed in Plácido 
de Castro (451.01), Rio Branco (217.21) and Cruzeiro do Sul 
(163.91). During the third period, Plácido de Castro (275.62), 
Rio Branco (191.57) and Senador Guiomard (86.07) had the 
highest rates. In the last period, there was a reduction in these 
rates, such that all values were​​below 30.00: Bujari (28.79), Rio 

Figure 2. Accessibility and urban hierarchy of municipalities in the 
state of Acre, Brazilian Amazon region. 

Figure 3. Severe acute respiratory syndrome rates per 
100,000 inhabitants in the municipalities of the state of Acre, 
Brazilian Amazon region, 2020-2021. 
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Branco (28.78), Epitaciolândia (21.39) and Xapuri (15.31) 
(Figure 3).

Regarding kernel intensities, in general, a spatial pattern similar 
to that of the SARS rates was observed, especially for the municipal-
ities in the north and south of the state. In the first study period, the 
highest intensities were observed in the south of the state; among 
the municipalities with lower values, the kernel intensities in the 
municipalities of Assis Brasil, Jordão, Santa Rosa do Purus and 
Sena Madureira stood out. An increase in intensity was observed 
in the second period of the study, with concentration of higher 
values ​​in the north and south of the state, and also in the munic-
ipalities of Brasiléia, Epitaciolândia, Feijó and Tarauacá. Similar 
patterns of intensity and spatial distribution were observed in the 
third period. In the last period of analysis, the municipalities in the 
south of the state were highlighted, along with the municipalities 
of Assis Brasil and Santa Rosa do Purus (Figure 4).

Initially, six spatiotemporal clusters were observed. However, 
two of these were not significant (P-value > 0.05) and were 
excluded. Each cluster was formed by only one municipality: 

cluster 1 (Rio Branco), cluster 2 (Plácido de Castro), cluster 3 
(Cruzeiro do Sul) and cluster 4 (Rodrigues Alves). The highest 
LLR value was observed in cluster 1. The highest relative risk 
values were observed in clusters 2 (5.30) and 4 (4.26), and the 
same occurred in the relationship between observed cases and 
expected cases (5.10 and 4.24, respectively). Longer time dura-
tions were observed in clusters 1 and 2 (32 and 27 weeks, respec-
tively) (Table 1 and Figure 5).

DISCUSSION
SARS-CoV-2 entered Brazil through the airspace, via passengers 
coming from Europe. Following the hierarchy of the Brazilian 
urban network, the disease spread through connections between 
airports. Later on, it spread through road transportation (which 
has different levels, ranging from interstate to commuting, using 
public transport), promoted through connections from hub cit-
ies to smaller municipalities within a given region of influence. 
Subsequently, transmission of the disease occurred through 
closer social relationships.19

Figure 4. Kernel intensities of severe acute respiratory syndrome rates per 100,000 inhabitants in the municipalities of the state of Acre, 
Brazilian Amazon region, 2020-2021. 
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The spatial distribution of COVID-19 cases has had a pattern 
similar to what was seen in other epidemics. It has shown rela-
tionships with intensities, frequencies, directions, duration and the 
qualitative characteristics of spatial interactions; and it has varied 
according to the stages of social relations, the population size and 
the technological standards of society (highlighting transportation 
itself). The international spread of the disease initially occurred 
through commercial passenger aviation, and this followed the con-
figuration and logic of the urban hierarchy, air transportation and 
population arrangement of cities, such that its spread was faster 
and more spatially diffused in the most populous cities and capi-
tals of countries and provinces.19

Those findings are corroborated through our results, con-
sidering that it was observed that cluster 1 (concerning the state 

capital, Rio Branco) began on week 17. This was the first cluster to 
be formed and was also the one with the longest temporal dura-
tion (Table 1), which may be explained by the greater population 
and greater influence of this municipality in the urban hierarchy 
of Acre, given that this is a regional capital (Figure 1). Reinforcing 
our findings, the first three cases of COVID-19 in Acre were reg-
istered in Rio Branco: one was diagnosed in a private clinic and 
two in municipal emergency rooms.20

Given that transmission of the disease occurs via social contacts, 
groups with larger demographic dimensions would, over time, tend 
to be more affected.21 This notion was reinforced by the findings 
of our study, as high incidence rates were observed in more pop-
ulous cities, notably Cruzeiro do Sul (89,072 inhabitants) and Rio 
Branco (413,418 inhabitants).15 This can be explained by the fact 
that higher population density increases the risk of transmission 
of contagious diseases, thus making isolation at home necessary, 
which may even contain the spread of the disease such that it is 
kept away from municipalities in which there are no case records 
yet.22 Thus, cities with greater demographic density that have cap-
illary internal transportation networks favor spatial dissemination 
of COVID-19,23 which may occur through flights or even through 
other forms of transportation/travel such as by road or river.

From analysis of Figures 1 and 2, it can be seen that, in gen-
eral, there is low connectivity between the cities in the state of 
Acre. Connections between cities is concentrated along the BR-364 
highway, which links the two most populous cities in the state 
(Cruzeiro do Sul and Rio Branco). In addition, there was a cer-
tain level of connectivity between the municipalities close to the 
state capital (Rio Branco), due to its influence as a regional cap-
ital (Figure 2). Rio Branco is a center for logistics and commu-
nication services, which allows it to function as a meeting place, 
thereby adding value and flow to production and resources of all 
kinds. Through being endowed with information and knowledge 
infrastructure, a regional capital integrates into broader networks 
(national and even global).24

In the expansion process, a central agglomeration brings rela-
tionships closer and starts to share functions with neighboring 
municipalities and non-agglomerated centers. These can become 
incorporated to the same unit within a radius of approximately 200 
kilometers. In general, urban-regional arrangements operate as 

Figure 5. Spatiotemporal clusters of severe acute respiratory syndrome 
in municipalities in the state of Acre, Brazilian Amazon region, 
2020-2021. 

Table 1. Characteristics of spatiotemporal clusters of severe acute respiratory syndrome in municipalities in the state of Acre, Brazilian 
Amazon region, 2020-2021

Clusters
Duration (from first to 

last week)
Cases (observed/

expected)
Relative risk LLR

Number of 
municipalities

Cluster 1 17 to 48 2.39 4.10 667.75 1
Cluster 2 22 to 48 5.10 5.30 112.63 1
Cluster 3 21 to 39 2.07 2.14 37.49 1
Cluster 4 33 to 38 4.24 4.26 16.37 1

LLR = log-likelihood ratio.
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receiving and diffusing spaces for decisions and capital, with inte-
gration of state, national and international scopes, such that these 
are marked out as focuses of concentration (and thus becoming 
established as the main centers of the Brazilian urban network).25

This scenario will have contributed to the increase in the num-
bers of SARS cases observed over the study period (Figures 3 and 4), 
given that cities with greater economic activity would tend to have 
greater movement of people, thus contributing to the circulation 
of the virus at home and at work. This can be further aggravated 
by movement of migrant workers, who are often in contact with 
people from different locations, thereby contributing to increased 
disease transmission.26 Thus, identification of people with SARS, 
and consequently ensuring their isolation, can prevent transmis-
sion to other individuals.27

Our results showed that clusters 2, 3 and 4 started to form 
in week 21 (i.e. after the formation of cluster 1). This suggests 
that the number of cases of SARS in the municipalities of Acre 
spread outwards from Rio Branco. In fact, cluster 2 could pos-
sibly have been influenced by its proximity to Rio Branco, as 
it had a time duration of 27 weeks, in addition to having the 
highest RR among all the clusters (Table 1). Furthermore, the 
presence of regional airports and their importance in the regions 
of influence where they are located partly explains the cases of 
COVID-19 in more isolated regions,19 such as Cruzeiro do Sul 
(a subregional center with an airport) (Figure 2). Reinforcing 
our findings, a structured compartmental model (in agreement 
with data observed in large countries such as Brazil) indicated 
that maintenance of a high number of COVID-19 cases in 
Brazil could be supported by the geographical spread of the 
disease, which would occur from the state capitals to the inte-
rior of the country.28

Nevertheless, there was little connection between the munici-
palities in the middle of the state (Jordão, Marechal Thaumaturgo, 
Porto Walter and Santa Rosa do Purus), which is a possible explana-
tion for the lower rates/intensities of SARS in these cities (Figures 
3 and 4). This can be explained by the low circulation of people 
between these municipalities, which would tend to give rise to low 
circulation of the disease. Corroborating our results, a study showed 
that the spread of the virus across Brazilian territory occurred 
from spaces with greater density of relationships, such that the 
country’s economic organization modeled the direction, tempo-
rality and intensity of COVID-19 cases. Thus, the spread of the 
disease across the country took on zonal, reticular and spot geo-
graphical features.29

It is noteworthy that the low level of testing in this country 
would probably be an explanation for the reduction in rates and 
intensities observed in the last study period, since Brazil is one of 
the countries that has done least testing in the world; it even has a 
lower testing rate than Uruguay, Argentina and Chile.30

Diffusion of COVID-19 is a global public health problem that 
poses a challenge that needs to be faced today. It is thus necessary 
to take a fresh look at new problems.31 In view of this pandemic, 
governments around the world have adopted a variety of mea-
sures with the objective of reducing infections and deaths, and 
their consequences in economic terms.32 The spread of the disease 
is related to the territorial division of labor, as seen in urban net-
works, which present hierarchies between cities. It is necessary to 
combat the spatial diffusion of the disease both through reduction 
of infections and through treatment of patients.19

Although rarely considered in socioeconomic development 
planning, city networks transform the territory, such that cities 
need to be analyzed together, in order to observe their relation-
ships with other cities. In this way, the network of cities is integrated 
in a territorial cross-section. As an organic system, this demands 
integrated attention in order to raise the quality of flows between 
centralities and to plan physical and virtual movements.24

Regarding possible limitations of this study, a secondary 
database with provisional and incomplete records was used, 
which may have led to underestimation of SARS cases in Acre 
or even to information bias. This type of bias may also have 
occurred when the municipality of residence was recorded, 
which was informed by the respondent. As this was an eco-
logical study, we must also highlight possible confounding in 
the analyses that were carried out, which may have occurred 
through the characteristics of this design. Furthermore, studies 
using approaches at aggregated levels do not allow inferences 
at individual level (ecological bias).

CONCLUSION
From the analysis on the flow maps and power centers of the 
municipalities, it is possible to project a fairer future with 
regard to occupation of the territory, with more equal distri-
bution of opportunities and more environmentally appropriate 
activities.24 Based on the above, priority areas for interventions 
to control the transmission of COVID-19 were shown, with the 
aim of reducing the risks of transmission to more distant areas 
within the urban hierarchy of the state of Acre, through con-
trolling human mobility.33

Although our results reinforce the evidence regarding the 
spread of the disease through airports, roads and rivers can also 
be highlighted as transmission routes, as they facilitate contact 
between people from different locations.

REFERENCES 
1.	 Silva Ferreira EM, Gomes de Souza B, Paiva Silva PW, et al. SARS-CoV-2 – 

Aspectos relacionados à biologia, propagação e transmissão da doença 

emergente COVID-19. Rev Inter Univer Fed Tocantins. 2020;7:9-17. 

https://doi.org/10.20873/uftsuple2020-8859. 

https://doi.org/10.20873/uftsuple2020-8859


ORIGINAL ARTICLE | Alves M, Keppeler EC

674     Sao Paulo Med J. 2022; 140(5):668-75

2.	 Uzunian A. Coronavírus SARS-CoV-2 e COVID-19. J Bras Patol Med Lab. 

2020;56:1-4. Available from: https://www.scielo.br/j/jbpml/a/Hj6QN7

mmmKC4Q9SNNt7xRhf/?lang=pt. Accessed in 2021 (Dec 21). 

3.	 Buitrago-Sierra R, Guzmán A, Santa-Marín JF. Morphological 

characterization of SARS-CoV-2 through electronic microscopy. TecnoL. 

2021;24(50):e1675. https://doi.org/10.22430/22565337.1675. 

4.	 Couto MT, Barbieri CLA, Matos CCSA. Considerações sobre o impacto 

da COVID-19 na relação indivíduo-sociedade: da hesitação vacinal ao 

clamor por uma vacina. Saude Soc. 2021;30(1):e200450. https://doi.

org/10.1590/S0104-12902021200450. 

5.	 Ministério da Saúde. Open DataSUS. SRAG 2020 – Banco de Dados de 

Síndrome Respiratória Aguda Grave – incluindo dados da COVID-19. 

Vigilância de Síndrome Respiratória Aguda Grave (SRAG); 2020. 

Available from: https://opendatasus.saude.gov.br/dataset/bd-srag-2020. 

Accessed in 2021 (Nov 30).

6.	 Ministério da Saúde. Secretaria de Vigilância em Saúde (SVS): Guia 

de Vigilância Epidemiológica do COVID-19. Secretaria Municipais e 

Estaduais de Saúde. Painel Coronavírus; 2021. Available from: https://

covid.saude.gov.br/. Accessed in 2021 (Nov 30).

7.	 Projeções da população: Brasil e unidades da federação: revisão 2018 

/ IBGE, Coordenação de População e Indicadores Sociais. 2. Ed. Rio 

de Janeiro: IBGE, 2018. Available from: https://biblioteca.ibge.gov.br/

visualizacao/livros/liv101597.pdf. Accessed in 2021 (Nov 30). 

8.	 Silva APSC, Maia LTS, Souza WV. Síndrome Respiratória Aguda 

Grave em Pernambuco: comparativo dos padrões antes e durante 

a pandemia de COVID-19. Cienc Saude Colet. 2020;25(Suppl 

2):4141-50. PMID: 33027350; https://doi.org/10.1590/1413-

812320202510.2.29452020.

9.	 Hillesheim D, Tomasi YT, Figueiró TH, Paiva KM. Severe Acute Respiratory 

Syndrome due to COVID-19 among children and adolescents in Brazil: 

profile of deaths and hospital lethality as at Epidemiological Week 38, 

2020. Epidemiol Serv Saude. 2020;29(5):e2020644. PMID: 33175011; 

https://doi.org/10.1590/S1679-49742020000500021.

10.	 Niquini RP, Lana RM, Pacheco AG, et al. Description and comparison 

of demographic characteristics and comorbidities in SARI from 

COVID-19, SARI from influenza, and the Brazilian general population. 

Cad Saude Publica. 2020;36(7):e00149420. PMID: 32725087; https://

doi.org/10.1590/0102-311X00149420.

11.	 Araujo KLR, Aquino ÉC, Silva LLS, Ternes YMF. Factors Associated with 

Severe Acute Respiratory Syndrome in a Brazilian central region. Cienc 

Saude Colet. 2020;25(Suppl.2):4121-30. PMID: 33027348; https://doi.

org/10.1590/1413-812320202510.2.26802020.

12.	 Regiões de influência das cidades: 2018 / IBGE, Coordenação de 

Geografia. Rio de Janeiro: IBGE, 2020. 192p. Available from: https://

biblioteca.ibge.gov.br/index.php/biblioteca-catalogo?view=detalhe

s&id=2101728. Accessed in 2021 (Nov 30). 

13.	 Regiões de influência das cidades: 2007 / IBGE, Instituto Brasileiro 

de Geografia e Estatística. Rio de Janeiro: IBGE, 2008. Available from: 

https://biblioteca.ibge.gov.br/visualizacao/livros/liv40677.pdf. Accessed 

in 2021 (Nov 30). 

14.	 IBGE. Acessibilidade geográfica. Instituto Brasileiro de Geografia e Estatística. 

Rio de Janeiro: IBGE, 2018. Available from: https://www.ibge.gov.br/

geociencias/organizacao-do-territorio/tipologias-do-territorio/26253-

acessibilidade-geografica.html. Accessed in 2021 (Nov 30).

15.	 Ministério da Saúde. Secretaria de Vigilância em Saúde. Departamento 

de Análise de Saúde e Vigilância de Doenças Não Transmissíveis. 

Estimativas preliminares da população de 2000 a 2020; 2021. Available 

from: http://tabnet.datasus.gov.br/cgi/deftohtm.exe?popsvs/cnv/

popbr.def. Accessed in 2021 (Nov 30).

16.	 IBGE. Instituto Brasileiro de Geografia e Estatística. Malha municipal; 2021. 

Available from: https://www.ibge.gov.br/geociencias/organizacao-do-

territorio/estrutura-territorial/15774-malhas.html. Accessed in 2021 

(Nov 30).

17.	 Kulldorff M. SaTScanTM user guide for version 9.6; 2018. Available from: 

https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_Guide.

pdf?todo=process_userguide_download.pdf. Accessed in 2021 (Nov 30).

18.	 QGIS.org. QGIS Geographic Information System. 2021. QGIS Association. 

Available from: https://www.qgis.org. Accessed in 2021 (Nov 15).

19.	 Silveira MR, Felipe Junior NF, Cocco RG, Felácio RM, Rodrigues LA. 

Novo coronavírus (Sars-CoV-2): difusão espacial e outro patamar para a 

socialização dos investimentos no Brasil. Rev Bras Estud Urbanos Reg. 

2020;22:e202024pt. https://doi.org/10.22296/2317-1529.rbeur.202024pt.

20.	 Secretaria de Saúde do Acre confirma três primeiros casos de novo 

coronavírus no estado. Portal G1. Acre; 2020. Available from: https://g1.globo.

com/ac/acre/noticia/2020/03/17/governo-confirma-tres-primeiros-casos-

de-coronavirus-no-acre.ghtml. Accessed in 2021 (Nov 30).

21.	 Santos JAF. Covid-19, causas fundamentais, classe social e território. 

Trab Educ Saude. 2020;18(3):e00280112. https://doi.org/10.1590/1981-

7746-sol00280.

22.	 Silva JH, Oliveira EC, Hattori TY, Lemos ERS, Terças-Trettel ACP. Description 

of COVID-19 cluster: isolation and testing in asymptomatic individuals 

as strategies to prevent local dissemination in Mato Grosso state, Brazil, 

2020. Epidemiol Serv Saude. 2020;29(4):e2020264. PMID: 32725053; 

https://doi.org/10.5123/S1679-49742020000400005.

23.	 Barrozo LV, Serafim MB, De Moraes SL, Mansur G. Monitoramento espaço-

temporal das áreas de alto risco de COVID-19 nos municípios do Brasil. 

Hygeia. 2020;25:417-25. https://doi.org/10.14393/Hygeia0054547.

24.	 Falcón MLO. A rede de cidades e o ordenamento territorial. Banco 

Nacional do Desenvolvimento. Secretaria de arranjos produtivos e 

inovativos e desenvolvimento local; 2015. Available from: https://web.

bndes.gov.br/bib/jspui/bitstream/1408/6561/2/A%20rede%20de%20

cidades%20e%20o%20ordenamento%20territorial_P.pdf. Accessed in 

2021 (Nov 30).

25.	 Moura R, Lira SA. Aplicação da análise exploratória espacial na 

identificação de configurações territoriais. R Bras Est Pop. 2011;28(1):153-

68. https://doi.org/10.1590/S0102-30982011000100008.

https://www.scielo.br/j/jbpml/a/Hj6QN7mmmKC4Q9SNNt7xRhf/?lang=pt
https://www.scielo.br/j/jbpml/a/Hj6QN7mmmKC4Q9SNNt7xRhf/?lang=pt
https://doi.org/10.22430/22565337.1675
https://doi.org/10.1590/S0104-12902021200450
https://doi.org/10.1590/S0104-12902021200450
https://opendatasus.saude.gov.br/dataset/bd-srag-2020
https://covid.saude.gov.br/
https://covid.saude.gov.br/
https://biblioteca.ibge.gov.br/visualizacao/livros/liv101597.pdf
https://biblioteca.ibge.gov.br/visualizacao/livros/liv101597.pdf
https://doi.org/10.1590/1413-812320202510.2.29452020
https://doi.org/10.1590/1413-812320202510.2.29452020
https://doi.org/10.1590/S1679-49742020000500021
https://doi.org/10.1590/0102-311X00149420
https://doi.org/10.1590/0102-311X00149420
https://doi.org/10.1590/1413-812320202510.2.26802020
https://doi.org/10.1590/1413-812320202510.2.26802020
https://biblioteca.ibge.gov.br/index.php/biblioteca-catalogo?view=detalhes&id=2101728
https://biblioteca.ibge.gov.br/index.php/biblioteca-catalogo?view=detalhes&id=2101728
https://biblioteca.ibge.gov.br/index.php/biblioteca-catalogo?view=detalhes&id=2101728
https://biblioteca.ibge.gov.br/visualizacao/livros/liv40677.pdf
https://www.ibge.gov.br/geociencias/organizacao-do-territorio/tipologias-do-territorio/26253-acessibilidade-geografica.html
https://www.ibge.gov.br/geociencias/organizacao-do-territorio/tipologias-do-territorio/26253-acessibilidade-geografica.html
https://www.ibge.gov.br/geociencias/organizacao-do-territorio/tipologias-do-territorio/26253-acessibilidade-geografica.html
http://tabnet.datasus.gov.br/cgi/deftohtm.exe?popsvs/cnv/popbr.def
http://tabnet.datasus.gov.br/cgi/deftohtm.exe?popsvs/cnv/popbr.def
https://www.ibge.gov.br/geociencias/organizacao-do-territorio/estrutura-territorial/15774-malhas.html
https://www.ibge.gov.br/geociencias/organizacao-do-territorio/estrutura-territorial/15774-malhas.html
https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_Guide.pdf?todo=process_userguide_download.pdf
https://www.satscan.org/cgi-bin/satscan/register.pl/SaTScan_Users_Guide.pdf?todo=process_userguide_download.pdf
http://QGIS.org
https://www.qgis.org
https://doi.org/10.22296/2317-1529.rbeur.202024pt
https://g1.globo.com/ac/acre/noticia/2020/03/17/governo-confirma-tres-primeiros-casos-de-coronavirus-no-acre.ghtml
https://g1.globo.com/ac/acre/noticia/2020/03/17/governo-confirma-tres-primeiros-casos-de-coronavirus-no-acre.ghtml
https://g1.globo.com/ac/acre/noticia/2020/03/17/governo-confirma-tres-primeiros-casos-de-coronavirus-no-acre.ghtml
https://doi.org/10.1590/1981-7746-sol00280
https://doi.org/10.1590/1981-7746-sol00280
https://doi.org/10.5123/S1679-49742020000400005
https://doi.org/10.14393/Hygeia0054547
https://web.bndes.gov.br/bib/jspui/bitstream/1408/6561/2/A%20rede%20de%20cidades%20e%20o%20ordenamento%20territorial_P.pdf
https://web.bndes.gov.br/bib/jspui/bitstream/1408/6561/2/A%20rede%20de%20cidades%20e%20o%20ordenamento%20territorial_P.pdf
https://web.bndes.gov.br/bib/jspui/bitstream/1408/6561/2/A%20rede%20de%20cidades%20e%20o%20ordenamento%20territorial_P.pdf
https://doi.org/10.1590/S0102-30982011000100008


Severe acute respiratory syndrome and COVID-19 under the hierarchy of the urban network of municipalities in the state of Acre, 
western Brazilian Amazon region, 2020-2021: a cross-sectional study | ORIGINAL ARTICLE

Sao Paulo Med J. 2022; 140(5):668-75     675

26.	 Alkhamis MA, Al Youha S, Khajah MM, et al. Spatiotemporal dynamics 

of the COVID-19 pandemic in the State of Kuwait. Int J Infect 

Dis. 2020;98:153-60. PMID: 32619761; https://doi.org/10.1016/j.

ijid.2020.06.078. 

27.	 Sales CMM, Silva AID, Maciel ELN. COVID-19 health surveillance in 

Brazil: investigation of contacts by primary health care as a community 

protection strategy. Epidemiol Serv Saude. 2020;29(4):2020373. PMID: 

32756828; https://doi.org/10.5123/s1679-49742020000400011.

28.	 Lazo MJ, Cezaro A. Why can we observe a plateau even in an out of 

control epidemic outbreak? A SEIR Model with the interaction of n 

distinct populations for COVID-19 in Brazil. Trends Comput Appl Math. 

2021;22(1):109-123. https://doi.org/10.5540/tcam.2021.022.01.00109.

29.	 Guimarães RB, Catão RC, Martinuci OS, Pugliesi EA, Matsumoto PSS. O 

raciocínio geográfico e as chaves de leitura da COVID-19 no território 

brasileiro. Estud Avanç. 2020;34(99):119-40. https://doi.org/10.1590/

s0103-4014.2020.3499.008.

30.	 Our World in Data. Coronavirus (COVID-19) Testing statistics and research; 

2021. Available from: https://ourworldindata.org/coronavirus-testing. 

Accessed in 2021 (Nov 30).

31.	 Guimarães RB, Da Costa NM, Nossa PN. Saúde urbana e território: 

dos desafios pré e durante a pandemia às respostas pós-pandemia. 

Saude Soc. 2020;29(2):e000002. https://doi.org/10.1590/S0104-

129020200000002.

32.	 Azerrat JM, Ratto MC, Fantozzi A. ¿Gobernar es cuidar? Los estilos 

de gestión de la Pandemia en América del Sur: los casos de 

Argentina, Brasil y Uruguay. Trab Soc. 2021;21(36):145-73. Available 

from: https://ri.conicet.gov.ar/bitstream/handle/11336/121503/

CONICET_Digital_Nro.c6bf8796-c3a8-43ac-9d3d-bee484fbc73b_A.

pdf?sequence=2&isAllowed=y. Accessed in 2021 (Nov 30).

33.	 Masrur A, Yu M, Lu W, Dewan A. Space-time patterns, change, and 

propagation of COVID-19 risk relative to the intervention scenarios in 

Bangladesh. Int J Environ Res Public Health. 2020;17(16):5911. PMID: 

32824030; https://doi.org/10.3390/ijerph17165911.

Author’s contributions: Alves MR: data curation, methodology, 

investigation, formal analysis, writing of original draft and writing review 

and editing; Keppeler EC: conceptualization, supervision, validation, 

writing of original draft and writing review and editing. Both authors 

approved the final version to be published and agree to be accountable 

for all aspects of the work, and for ensuring that questions relating to the 

accuracy/integrity of the study are investigated and resolved

Sources of funding: None 

Conflicts of interest: None

Date of first submission: September 3, 2021 

Last received: December 3, 2021 

Accepted: December 20, 2021

Address for correspondence:  

Mário Ribeiro Alves 

Instituto de Saúde Coletiva (ISC), Universidade Federal de Mato Grosso 

(UFMT) 

Av. Fernando Correa da Costa, 2.367 

Boa Esperança — Cuiabá (MT) — Brasil 

CEP 78060-900 

Tel. (+55 65) 3615-6243 

E-mail: malvesgeo@gmail.com

© 2022 by Associação Paulista de Medicina  
This is an open access article distributed under the terms of the Creative Commons license.

https://doi.org/10.1016/j.ijid.2020.06.078
https://doi.org/10.1016/j.ijid.2020.06.078
https://doi.org/10.5123/s1679-49742020000400011
https://doi.org/10.5540/tcam.2021.022.01.00109
https://doi.org/10.1590/s0103-4014.2020.3499.008
https://doi.org/10.1590/s0103-4014.2020.3499.008
https://ourworldindata.org/coronavirus-testing
https://doi.org/10.1590/S0104-129020200000002
https://doi.org/10.1590/S0104-129020200000002
https://ri.conicet.gov.ar/bitstream/handle/11336/121503/CONICET_Digital_Nro.c6bf8796-c3a8-43ac-9d3d-bee484fbc73b_A.pdf?sequence=2&isAllowed=y
https://ri.conicet.gov.ar/bitstream/handle/11336/121503/CONICET_Digital_Nro.c6bf8796-c3a8-43ac-9d3d-bee484fbc73b_A.pdf?sequence=2&isAllowed=y
https://ri.conicet.gov.ar/bitstream/handle/11336/121503/CONICET_Digital_Nro.c6bf8796-c3a8-43ac-9d3d-bee484fbc73b_A.pdf?sequence=2&isAllowed=y
https://doi.org/10.3390/ijerph17165911
mailto:malvesgeo@gmail.com

